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Algorithm 1-2 {Read BMP File}

Step 1:{Read File Header}

Step 1.1:Get BMP File Header.

Step 1.2:Check The Signature File.

Step 2:Get Global Color Map, Put in Variable Structure “Pallet”.
Step 3:Calculat Bitperpixel and Block Data for Each Case Bitno of
1: (bmp.width+7/8).

4: (bmp.width+7/8) shl 2.

8: (((bmp.width+3) div 4)*4).

24: (bmp.width*3).

Step 4:Gets the Offset to Reach the Start of Bitmap Data.

Step 5:Get Block Data Size according to step 3.

Step 6:Put Bitmap Data in Matrix.



3 (gals

1) e oo 5 ) guall 4383 Aleny alal ) a1 A Lo

Algorithm 2.2 { Segment of Image}

Input of Algorithm: The Source Image.

Output of Algorithm: Segmented Image.

Step 1:Read The Image File

Step 2: Calculate the Image Histogram

Step 3: Select The Value of Threshold

Step 4:Split the Image into two Region by Compare each pixel g(x,y)
with threshold

If g(X,y) > Threshold Then Region 1

If g(X,y) < Threshold Then Region 2
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Abstract

The feed forward neural networks trained by error backprobagation
algorithm suffers many problems such as (premature convergence, local
minima,...,etc ) , these problems effect on the efficiency of that network .
Many methods and directions were suggested to overcome these
problems. One of these techniques the hybridization. One of these
hybridization techniques in the neural networks with the wavelet
transform methodology, which has universal approximation theory to be
used in the functional approximation process.

In this research the wavelet transform has been used after
choosing a suitable mother wavelet as a part doing functional
accounting inside the NN as a hidden units. Since the input is vector of
multivariate, so a multi-dimensional wavelet transform has been used
using multi-standardization. Two functions have been used as a mother
wavelet: -

A function as a collection of three sigmoidal functions.

The first derivative of Gaussian function.
Each function has been tested inside the network inorder to classify a
collection of different hand-drown gray scale images (8) bits, these
images subdivided to eight groups, each group contains (6) images with
different distortions. The PSNR was used to calculate such distortions.

The training results showed the hybrid network has the ability to
deal with such images and the ability to generalize the results by
recognizing all the patterns as total of (24) images except the first and
the eight experiment when the first function is the wavelet was used to
recognize (23) patterns of (24) one.

A comparison between the proposed network an error
backprobagation network was given which shows the efficiency of the
proposed one is better. Also, the research take into account the color

images and its given an efficient classification process for such images.



The proposed method is executed on Pentium Il computer with
processor speed 650 MHz and using visual C++ version 6 to

programming it.
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